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Higher-order statistics impalr segmentation of Human psychophysics, model simulation ., Exhaustive search over parameter space:
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Can conventional models capture how texture
structure affects segmentation?
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At lower values of £,
signal mean and
variance were much
higher, so a higher
noise amplitude was
required to impact
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- Decision noise does

- An intermediate compressive nonlinearity

not simply scale model performance

- An FRF model is capable of capturing many of the effects of higher-order statistics
orovides the best fit to human data

- Gompressive nonlinearities might emulate the effects of
neuronal suppression?
- Sublinear summation may be a general property of early visual
processing®
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along the primate dorsal visual pathway”
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